—RIRSIERNEE: NEF—RIERRNS=

23 fE(Jialong Wu)
wujialongml(@gmail.com
https://callanwu.github.i0/

https://github.com/callanwu



mailto:wujialongml@gmail.com
https://callanwu.github.io/
https://github.com/callanwu

* TANE

» Idea BjiEs

- SIEHER

- PREfEHIER
* RRMER



KN
E1F6 BEAMNKREA—HR=AZEM/R (2021E7H) HANLPSLIEE, 20225 AR =F4i%
e 7 E—E—{EIn=COLING2022 (CCF-B)

User

The 29th International Conference on Computational Linguistics - Your Submissions

Your submissions

@ Paper 344: Personalized Emotion Detection using Generative Models

FREEAFMIMNE, 20242 BARE—FRILHEMR (3£) —(FACL2025 (CCF-A) , 202445
BHfR T FRACL

Hay (3£) —FEACL. EMNLP, COLING, AAAIEBEZRTIEN, —IR (FR) RRRExRAT



MA@

SEIEH
- BAAXFIREEIFXLINE

° AIWave Siﬁﬁggﬁg (ﬁuzlkﬁa) aiwaves-cnfagents

v 57k Y 441

GGGGGGGGGGGGGG

Q Visit GitHub Embed Badge

. EXEQ@E Alibaba-NLP/WebAgent

¥ 6.4k % 498

1 N GITHUB TRENDING
%bw #1 Repository Of The Day

() visit GitHub @ Website (&) Embed Badge



MA@

——
Exploring the Limits of Transfer Learning with a Unified
Text-to-Text Transformer

Colin Raffel CRAFFEL@GMAIL.COM

Noam Shazeer* NOAMEGGOOGLE.COM

Adam Roberts” ADAROBGGOOGLE.COM

Katherine Lee” KATHERINELEE©@GOOGLE.COM

Sharan Narang SHARANNARANG@GOOGLE. COM

Michael Matena MMATENAGGOOGLE.COM

Yangi Zhou YANQIZBGOOGLE.COM

‘Wei Li MWEILIGGOOGLE.COM .

e e November 30, 2022 LLaMA: Open and Efficient Foundation Language Models
BERT: Pre-training of Deep Bidirectional Transformers for Google, Mountain View, CA 94043, USA

Language Understandin,
guag g Bitoce lyan o I n‘t rod u Ci n ‘ h atG PT Hugo Touvron; Thibaut Lavril; Gautier Izacard; Xavier Martinet
.. . g Marie-Anne Lachaux, Timothee Lacroix, Baptiste Roziére, Naman Goyal
Jacob Devlin  Ming-Wei Chang Kenton Lee Kristina Toutanova BART: Denolsmg Sequence-to-Sequence Pre-tralmng for Natural Eric Hambro, Faisal Azhar, Aurelien Rodriguez, Armand Joulin

Google Al Language Language Generation, Translation, and Comprehension NN Edouard Grave; Guillaume Lample*
jacobdevlin,mingweichang, kentonl, kristout}@google.cor
{3 g g }@goog Meta Al

Mike Lewis*, Yinhan Liu*, Naman Goyal*, Marjan Ghazvininejad,
Abdelrahman Mohamed, Omer Levy, Ves Stoyanov, Luke Zettlemoyer
Facebook Al
{mikelewis,yinhanliu, naman}@fb.com

BERT: 2018108 TS5, BART: 20194108 ChatGPT: 2022F 11 8 LLaMA: 20232 B

AFRAH

- [BRkE (202186H-202259H)

- 4pEIUAYParsingFIEISEI3{ES (20225E9H-20235F5H)
- AgentE#Ef (2023F5HFS)

« BMLLM (2023898 F%)

&




NEE—TRSi8 L

{ idea Jz{ 1IENE{E J=>[ 1IENEE J =>[ AYE=7N J

- FCAREZF « SolidfIaEIAY - BEfEXNZE: BAJL - FIRENRE
SIFONLPERY. SK ’@1%1‘5%%1 J\EI’JZI]"IE
AwEEE o FERiE
« MIntroduction - EiEEE
o THRARS ZlConclusiony[] « Poster
AE{E o Y{EH KEImA]
- HRAEHRRAR « Oral
- BAEFERNE
- FEBRCHAR
A EEERL - /E/Rebuttal
BRI LI

- SHEFR



Idea FHEZ

FIFH

« CS224N
https://web.stanford.edu/class/cs224n/

- IRFIRFAI
https://space.bilibili.com/1567748478/lists
?sid=358497

« MIT 6.5940
https://www.youtube.com/playlist?list=PL8
O0kAHvQbh-pT4ICkDT53zTS8DKmhEQidB



https://web.stanford.edu/class/cs224n/
https://space.bilibili.com/1567748478/lists?sid=358497
https://space.bilibili.com/1567748478/lists?sid=358497
https://www.youtube.com/playlist?list=PL80kAHvQbh-pT4lCkDT53zT8DKmhE0idB
https://www.youtube.com/playlist?list=PL80kAHvQbh-pT4lCkDT53zT8DKmhE0idB
https://www.youtube.com/playlist?list=PL80kAHvQbh-pT4lCkDT53zT8DKmhE0idB
https://www.youtube.com/playlist?list=PL80kAHvQbh-pT4lCkDT53zT8DKmhE0idB

Idea FHEZ

FHHE 2 EREY

Arxiv

BT

o ArxiveEFh

https://arxiv.org/list/cs.CL/recent

—{

(EBTEALITIR
REE

https://papers.cool/arxiv/cs.CL



https://arxiv.org/list/cs.CL/recent
https://papers.cool/arxiv/cs.CL

Idea FHEZ

FHHE 2 EREY

« X/Twitter
MR HpaperElR, BiXEXZ=HBERISE

(e S
XiE—PMARS I"JEI?]%**V IREFie XKk EFIFR—IB=TFE, A
BHEIEEFERSR

Al research paper tweets, ML idio (acq. by I ) dm for promo
,submit papers here: ] ) mi

3,083 424.8K

ull



Idea FHEZ

FHHE 2 EREY

®@HuggingFace Daily Paper

https://huggingface.co/papers/

Daily Weekly Monthly



https://huggingface.co/papers/

Idea FHEZ

ﬂﬁﬁ {‘E-IVU“&E!
« GitHub

XK —EARPR{ERI A FFEIN BRI EGE KM ERGitHub, HIRSEE
{iJadStarfliFork

« IMIB/ RS/ HMF (PHEMKIKIER)
erzl, EF, FET




Idea FHEZ

HRAE
- Follow/HEiARFH
- HOEESLER

?&iﬁaﬁ%bk. AR, HESZHEANIAFERILTY, HEAUGES
iRk

2Rl] -> BRI, HBHARZ, AEHERIR, BEFIWAD, HIE/
IEERIN ST



Idea FHEZ

f;

AR

Bl ATEMIZ
SasAENTA

- TUSR
FAETIETHEI T c..vuovrecensensseessssessassssssssssssenssssassssssasssssesssnssessss essssssasssssessssssassas s ssssasssssessasssassassanssasssnsens
11 RTE BT .co.cveetsecresscsssssssesssss s ssssess s st e ssen st st s sastsasass s s bess s asssssenssessasssssasssenssnsessenssensnns
111 BT SR R B RE ITHRTEIIT CIEFUIZRIID et sssssesssssss s sssssss s sssnssessssnens
1.1.2 Post-training BIEHTFL CAERTARIID oot ssteesens ettt nnsas

1.1.3 ZF A4 R R 9 0 R AR S AT AT CAERARYID s

1.1.4 ZFH#EH RAG/ Agent FISCARGEMEZER R (IERD)

115 AR KB SR ARBITIA GRID oo
116 B FFATHRS R AAFIETTTE. GRYID o

LL7 KCAIR 5L SR P IEARRR GEED
1.1.8 XHE R KX ABBF AR HET EBEARYD et
1.1.9 ThT 4k <2 87 P SR MBS TR IR TE (TRIID oot
VR AT 2 - F S - .

1.2.1 ZHERBBRIRTHEEARTITE CETRYIDD e ssssesn s ssssasesseness

1.2.2 AT FRTESHFAC (AEBARID e

1.2.3 302 B/ (R R s TN SR AR AT 9T GARII/AE RO

1.2.4 2RI Post-Training AR T CLFAFID ...
IR e A F o N 50 L | =0 SO

WFSTRLSE 3 £ - AR T Sr B AU X R TR
BHF 2025-07-10  HAE 4L/ HM

ARELIE-MRERENSESEREAR
BT 2025-07-07 HAE  qtm/ M/ LEE

MREXIE-SEEARPEFDFEDENRRSHAR
BT 2025-07-07  HAZ LR/ MM

MREL I E-SMNS RS EREATR
BHT 2025-06-24 A% FR

SR BISE ) £-AIRIEE S HEEAE A B R
BHF 2025-05-26 A% IR/ M/ b8



Idea PTER

HRRME

- HEANIAERTA
- FAR

https://aclanthology.org/

EEE LA RtrackiiRRBIE D%


https://aclanthology.org/

Idea FHEZ

Bi{tagldea’lE 4k

- BEAIAERTA
- TR

1.1.4 E T3 RAG/Agent I XALIEEZRMT (JLFD)

WA B E R S BB R R, KA RE SRR R AR B S P R T 5L
FIfERE. SR, XLERIRAEALE HAAREEAE S I E IR PR A T IRIHERMHEREE S, BEAEIITGER
REGHEIMEA R (Retrieval-Augmented Generation, RAG) FIE AL (Agent) HARIKHESE, LLISZHL
SR SCA R . AR L E IR, AERE LT

1. WS R R R R M R A RORAEE AT, DA e R R R SR AR U RN

HREABREIH, BERFRROAFFIERERIEITRYE, WML RAG fEHEELS 2 M m Rt
FER

2. HRWATIEE 2 A KB K Uil & 1R, RIEAE S5 I R MBI RS, Zhal TS 4 Bud A A

LKA BOAR T R G e AL TR S % 6] KB £ 35 B 0 Al o P

A AREEEMAETRESHEE (LLM) WERERSHRABRT, BERANFRRLAELSE
fEEL, LSRRI B 2 ) ST B ), B ENR TR A:

L WEHERGE S BEAUKIE SRR TE & s D B S IR 9 SERHERE DL A HERATE
SRR B AR H R

2. FREFMRIAE S WIRKE SRR Z MBS MM D ESHATRES T, R AR 10 TR A R A B
{5 B P T B 0 R BT 55+

3. BEERERAATET: BHFURE T AR ST B TRE, A NE R ES, s
REAEF], KIAES B BAR T -



Idea FHEZ

“saenst. SEA Workshop 2025 callionPepers  Spe

BirfldeaEAR .
. EEL A4 .

Task formulation, action-space design, environment generation, compositionality, and agent integration.
: AN W k h 2 Benchmarks and Evaluation
' ﬁ1 o r S O p Multi-step interaction metrics, generalization testing, open-ended benchmarks, curriculum scaling, and human-in-the-loop

assessments.

® LLMs in Interactive Environments

Reinforcement learning, policy learning, reward modeling, hybrid training, and fine-tuning through interaction.
4 Tool-Use and Software Environments

Workforce, Agents as programmers, API orchestration, tool design, software manipulation, and web navigation.
®  Multi-Agent Systems and Simulation Environments

Scaling agent populations, emergent behaviors, communication, coordination, competition, and role dynamics.
6

Embodiment and Grounding

Perception-action loops, physical simulation, spatial reasoning, robotics integration, and simulation-to-physical grounding.



Idea FER

Bi{tagldea’lE 4k

LLMBMX FRILAE SGRREESS
- B, FHhGiE

o FhiagE, FBERE
o FhiaRE, FhGE
f"ﬁﬂﬁldeaff@ S8k

- HiZJA + B
- BERERNISS +RSIEM



Idea FHEZ

Bi{tagldea’lE 4k

- RREBEEEMotivation!

- MotivationZkRBHFXF I EHRFHRFRZIAVRZEFNIES

HaSurvey
B ERIRTREN A survey &Ik kELE!

e EXY (e=HFIRNEERB I FRIERD)
Sft{iJgyLimitation

SETEX
XN AR ERIRI R E RIS

RR4aRa(Limitation)! E4f#R(Methods)!

+d




IEXEI(F

1?.2 By

Benchmark

- B, 88RE
- WRE
. St

« Survey




X SHE

18358
« Benchmark
WebWalker: Benchmarking LLMs in Web Traversal (ACL2025)

EXESS, EXNIG=!
Bet N GENEBRRXIRE ERFEEEIRAIERS.

| Language | Format | Depth | Width | Hop | # Pages

Mind2Web (Deng et al., 2023) En Multi-choice X X X 100
WebArena (Zhou et al., 2024a) En Action X X X 6
AssistantBench (Yoran et al., 2024) En QA X v v 525
MMInA (Zhang et al., 2024c) En Action X v v 100
GAIA (Mialon et al., 2024) En QA X v v -

WebWalkerQA | En&Zh | QA | v | v | v | 1373

Table 1: Comparison between WebWalkerQA and other benchmarks. Depth refers to the extent of
exploration required on a given website. Width denotes whether answering a query necessitates multiple
sources. Hop indicates whether multiple steps are required to complete the task. #Pages refers to the
number of webpages involved.
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Figure 2: (a) Performances across various compression ratios during the prefill phase on three tasks under the full
decoding cache condition. (b) Position distribution of the heavy hitters, selected by top 15% attention scores, at
decoding steps 1, 300, and 500 across layers 0, 13, and 31. (c) Attention heatmaps for layer 13 of a GSM8k+ sample
in LONGGENBENCH and details of the correspondence between attention scores and generated token positions.
The complete case employed in the probing experiment is presented in Appendix 9.
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Figure 3: (a) Heatmap of correlation between prediction entropy across different iterations; (b) Scatter plot for

prediction entropy between base model (IterQ) and model after first iteration (Iter1); (c) Same as (b), except values
are taken from Iter5 and Iter6.
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fourth in the LLM Policy Tool Call
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<think>To answer...</think>
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<think>Emm...</think>
<tool_call>

"name": "search", "arguments"...
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Table 1: Performance of our proposed SCOPE using three strategies and baselines on the LONGGENBENCH
benchmark with LLaMA-3.1-8B-Instruct and Mistral-7B-Instruct-v0.3. The best results among all methods are in
bolded. The prefill compression ratio averages around 60%.

Method LONGGENBENCH-4K LONGGENBENCH-8K
GSM8K+ MMLU+ CSQA+ Avg. | GSMBK++ MMLU++ CSQA++ Avg.
LLaMA-3.1-8B-Instruct
Full Cache | 5326 54.40 7167 5978 | 4444 51.01 64.92 5346
\ Decoding Compression Ratio=25.0% | Decoding Compression Ratio=12.5%
- - StreamingLLM 10.78 34.15 4350  29.48 26.98 41.26 6533 4453
Single-source QA Multi-source QA H20 35.04 48.11 69.50  50.88 22.54 4821 5058  43.44
Systems Overall PyramidInfer 38.76 48.93 71.58  53.09 21.11 47.96 59.58  42.88
SCOPE (Slide) 46.51 46.62 7250  56.21 30.24 51.64 6575  49.21
3 g‘:’ o’% SCOPE (Adaptive) 43.10 50.25 7150 5495 27.86 51.23 6250  47.19
Easy Medium Hard Easy Medium Hard SCOPE (Discontinuous) 42.02 49.75 72.67 54.81 24,37 50.00 59.33 44,57
- |  Decoding Compression Ratio=12.5% | Decoding Compression Ratio=6.25%
Close Book (No Retrieval) StreamingLLM 11.94 3597 4142 2978 20.56 41.79 64.92 4242
. . H,0 26.59 45.97 6525 4594 21.27 45.94 55.08 4077
Gemini-1.5-Pro | 12.50 7.86 8.33 11.25 6.43 5.00 8.08 Pyramidlnfer 28.29 46.41 6142 4538 19.84 45.50 5508  40.14
ol-preview 16.25 10.00 9.17 7.50 10.71 6.67 9.85 SCOPE (Slide) 42.56 50.94 73.50  55.67 26.59 49.59 65.08  47.09
- SCOPE (Adaptive) 37.29 50.19 74.00 53.83 30.56 49.94 6592  48.80
Commerical Systems SCOPE (Discontinuous) |  39.85 50.06 7292 5427 28.41 50.63 6792  48.99
Doubao 45.00 15.00 18.33 | 13.75 8.57 10.00 16.76 Mistral-7B-Instruct-v0.3
Gemini-Search 40.00 32.14 29.17 | 30.00 23.57 17.50 27.94 Full Cache | 1101 28.30 6433 3455 | 937 20.35 5175 2715
ERNIE-4.0-8K 52.50 30.00 28.33 21.25 18.57 30.00 28.97 |  Decoding Compression Ratio=25.0% | Decoding Compression Ratio=12.5%
Kimi , 77.50 4143 40.83 26.25 26.43 22.50 37.35 StreamingLLM 6.90 22.83 6525 31.66 2.62 17.48 4675 2228
TOﬂgYI 41.25 45.00 41.67 40.00 41.43 3417 40.73 H,0 7.01 26.48 60.42 31.60 571 16.20 40.17 20.69
PyramidInfer 10.00 24.15 6292 3236 5.56 16.48 4017 2073
Open-Sourced Systems SCOPE (Slide) 7.67 21.51 5858  29.26 5.95 16.95 4550  22.80
- SCOPE (Adaptive) 11.47 29.06 6450  35.01 9.76 20.35 5175 2729
Naive RAG 37.50 25.71 2417 20.00 14.29 12.50 20.73 SCOPE (Discontinuous) 11.55 29.06 64.50  35.04 9.84 20.35 5175 2731
MindSearch 15.00 11.43 10.83 8.75 12.14 10.00 11.32 |  Decoding Compression Ratio=12.5% | Decoding Compression Ratio=6.25%
Avg. | 37.50 | 2429 | 23.42 | 19.86 | 18.02 | 16.48 | o StreamingLLM 6.51 19.69 5792  28.04 3.57 17.14 46.83 22.51
H0 7.13 21.07 4983  26.01 5.63 16.07 33.25 18.32
PyramidInfer 7.13 20.94 5175 2661 5.63 16.76 33.25 18.55
SCOPE (Slide) 8.84 18.68 5175 2642 571 17.08 46.17 2299
SCOPE (Adaptive) 10.93 29.06 6450 34.83 730 19.94 5175 2633
SCOPE (Discontinuous) 10.39 29.06 64.50 34.65 8.33 20.19 51.75 26.76
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Python-style Pseudocode for SCOPE Implement

# Pseudocode for Prefill and Decoding Phases with Three Strategies: Slide, Adaptive, Discontinuous

#
class CachePool
def __init__(self)
self.prefill cache = (key, value)
self.decoding_cache = (key, value)

The Expoloer Agent &

Prompt

def total_cache(self):

Dlgglng .thIOI'.lgh the blllttons to ﬁnd qua-llty Sources 1 return self.prefill_cache + self.decoding_cache
and the right information. You have access to the 12 8 Prefill phase

q def prefill_phase(input_tokens, model, alphal, alpha2):
following tools:

kv_cache = CachePaol()
input_query, input_key, input_value = compute_gkv({input_tckens, model)
attention_scores = campute_attention(input_guery, input_key)

selected_key, selected_value = select_top_k_cache(attention_scores[:-alpha2], k=alphal)
compressed_key = [selected_key, key[-alpha2:1]

compressed_value = [selected_value, value[-alpha2:]]

kv_cache.prefill_cache = compressed_key, compressed_value # Update prefill_cache

return kv_cache

{tool_descs}

# Decoding phase with SCOPE
def decoding_phase{output_tokens, model, kv_cache, betal, beta?, strategy):
for step in range(1, len(output_tokens)):
token = output_tokens[step]
current_query, current_key, current_value = compute_gkv(token, model)
kv_cache.decoding_cache.append (current_key, current_value)
attention_scores = compute_attention(query, kvcache.total_cache) # Attention in total_cache

Use the following format:

Question: the input question you must answer
Thought: you should always think about what to do
Action: the action to take, should be one of [{
tool_names}]

if strategy == "Slide":
# Retain a sliding window of size decoding_window_len
if step > max_prompt_len + betal + beta2:
selected_key, selected_value = select_top_k_cache(attention_scores[alphal+alpha2:-beta2], k=betal)
compressed_key = [selected_key, key[-beta2:]]
compressed_value = [selected_value, value[-beta2:1]
kv_cache . decoding_cache = compressed_key, compressed_value # Update decoding_cache

elif strategy == "Adaptive":
# Dynamically adjust betal based on decoding progress

Action Input: the input to the action

Observation: the result of the action  CCEenly G o b

... (this Thought/Action/Action Input/Observation “ B e P 2 e O G b D i e, [
Can be repeated Zero Or more times) <+ adaptive_betal) # Use adaptive_betal

. # Update decoding_cache

elif strategy == "Discontinuous®:
# Jump to noncontinuous
if step > max_prompt_len + beta2:

Begln! adaptive_betal = betal * (step-beta2) // (model.max_new_token-beta2)
s1 jump_interval = (lenCoutput_tokens) - beta2) // betal # Interval between jumps
52 if step % jump_interval == @: # Honcontinuous
53 selected_key, selected_value = select_top_k_cache(attention_scores[alphal+alpha2:-beta2], k=

<+ adaptive_betal) # Use adaptive betal

{query} S s it
55

56 return kv_cache

The Critic Agent k-1

Figure 8: Pseudocode for SCOPE Implement.
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In Proceedings of the 63rd Annual Meeting of the Association for Computational Linguistics (ACL 2025)

Good morning everyone. | am Jialong Wu. I'm very happy to be here today to present our work, “SCOPE: Optimizing Key-Value Cache Compression in Long-
context Generation”.

This is a joint work between Southeast University and KCL.
In this presentation, | will walk you through the motivation, method, experimental results, and future work of our study.
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WebAgent for Information Seeking built by Tongyi Lab, Alibaba Group
%

1 GITHUB TRENDING ’

%, .g§‘ #1 Repository Of The Day

b

& HuggingFace WebAgent | % ModelScope WebAgent |

i\y‘; WebAgent

)

Ry o o 0
=) (
WebWalker ‘WebDancer ‘WebSailor WeESﬁa}zer WebWatcher General Research Agent
202501 202505 202507 202507 202508

You can check the paper of WebDancer and WebWalker and WebSailor and WebShaper and WebWatcher.

3¢ 3¢ 3¢ Stay tuned for more updates! We are working on building native agentic model based on the
Browser and more open-domain environments!

« WebWatcher (Preprint 2025) - WebWatcher: Breaking New Frontier of Vision-Language Deep Research Agent

* WebShaper (Preprint 2025) - WebShaper: Agentically Data Synthesizing via Information-Seeking
Formalization

+ WebSailor (Preprint 2025) - WebSailor: Navigating Super-human Reasoning for Web Agent
+ WebDancer (Preprint 2025) - WebDancer: Towards Autonomous Information Seeking Agency
« WebWalker (ACL 2025) - WebWalker: Benchmarking LLMs in Web Traversal

GITHUB TRENDING

‘&.,Lz%t #1 Repository Of The Day https://github.com/Alibaba-NLP/WebAgent

If you like our project, feel free to give us a 3¢ on GitHub!
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